[ Downloaded from jhbmi.ir on 2025-10-19 ]

Sy G oDl Sl 5] alms
Ky Sl 4] i 35 s
1790 =4 sl o jlact cp g 0133

=

SN g 4l Sl 3 JIAS il (Gl o (LWL g A5 Wi g Sl (S it 30 591 0318 & 1 L5

7 50LT39 pd oot ¢! (215 00 P gixo

WYY e gy e A0/ Wi SEL o @

O 3p0ly ise 5 cuslie (Slopy gy a5 Nsm 5 cul Gl 5 olnl 2 @l Glaglen I AL (eje (al)l tdende
Jae S @l s o e Jelge (alolid 5 g 48 Gl g ca el cul cusl 45" oje (sl 2 e ooy

b el SV (Gl Cono pslaie 4
};)A Pl \WWAL-A - LSLQJL» 5 4.».15 Lo u‘)“"“) odgyp Jjg0 ¥yyY dl.b:o.)b 9y )i,w.\f L);?) 4 )..ol> dalllas :‘):39)

Ol e oty Py edle 5 mreal €850 ¢ par Kb slasail L8 S Pl oS o g ladl Sloym odjse]
oslisl YL Cono b Jae shb jsliie 4 wdd 585 slaaiaib mls oS 5 (ly SleMbl Sgman | 5 4dS Sgn el o
3 ool (sl g bodls el g g S5 wipofl ) s 48T (sl )3 136 ,8E sl puito alolid (sl ccmizmen 3

s osliwl Weka 4 Clementine 12 ¢lal5é0 o 5

@ Cono 5 4oy AV AT AT L ply o @ pluidy o Gedle 5 preal ©5)3 (mas Sl ) 4w I ol oo 1l
oy 0N S Cois g S 09 4adls ol Shy (omen (Canl 039 Aoy AIVE ply CleMbl  bgen by, 5l sdel Cauwd
IS Sy o3 5,5 (ot gl 4 S5 w55 a5 S bl 5 00558 5 0inS gt 095 (slen st
Cawl 0391 2o )d ANVEY (S5g ol ol b (oolpiiin Jdo s i Como oS b olwlid

el sy K55 i orsan ol Gy il g o e <A gman 3 oolizl L 36 S d0nt
ool e oSy 2lelid Cax

L_gz.u). M)9§” ;OLAMMJN" :‘7 )].})J. Oa:a.uLo =] 5 CA&)J (s 4&:.“: fLJLCMJOI Ls.u}??bo.b. :lﬁbj’s ..\ﬁ.l;

}L‘M*”&::LUJ‘Z‘@xS'U}:L“JLSU‘!)’)'f):jt Sla,ie gLl 5 alS Wy Gl f i 55 695 015 5,58 L dameat LT3, (oo el gl
A= v S S

) D18 e S 3 o8l (ST she oSl ¢ (S oSl gl 05,5 o Sy Sl gl iyl ol yIS )

Ol €5 ¢ ke a3 o830 ¢ (ST 3y sk otSTtils (Kb 5y SGiley gt 03 8 okl ¢ Kby g (5157 ¥

S Sl 5l 058 ¢ (S p ke 0dSils ¢ uyde oy 7 o885 O a5 et IT Ier o 5550 abl5 (0145 1S9 uut Okiws 95

« Email: pourmir@modares.ac.ir SNV led o slese


http://jhbmi.ir/article-1-136-en.html

[ Downloaded from jhbmi.ir on 2025-10-19 ]

e g 250

Al Wigm S8 S e 43 (595 B3> 3,8

Osdle g, 5l adlae cul 3 [¥] 08" dnn |y Wsm ) e
a9 (0 50 SLapaite 9 3 ool il )l
g b (Qlulid 0555 ()59 9 Copmiz g 01D (]S
Os)S) 5 (Symas mas 4 I sladlas )3 (o Ses
L g domt (i Ol gl (Je Sl sl Sd
Dy5-0 33 Mgm 04SBY g 0dTyS 4 baye e Voo il odlainl
s 45 Jde it J0] 33,8 olil Jlio] 4,18 wig
095 Y A (uas &b G G oyl )5 0 by
M ol como L 9393 Sle Y S5 205 Al
St om)S ) b 0ad plol (gla ) 5> Al o o
2 dS a8l e Ao A Cono (gl s Sl oled Jae
955 s yieS Como I mas a0l Jae cono b dnlie
ol 0352

=V JLos 4o iz e ol o ldllas olod o
=V g e s ) S5 la Sy degene (olulid
Hombs st g 5YL como b ugtn ladle ()b
g3dsito Jolse S At Sl (gt die) 3 Nledg:
s byye Sl & e 4ods 5 & o Aan i
Jelse cadS oimd 4 bgsye olge olon 5 (slainej (ko
g Sl A S5e el 9 4l g (S Jos 4 by
Sl i plolid jolato & cadlllae ol )3 45 0,8 0 LSl &lS
9o o3l K55 w5 3] clS Sigm (sl 55 5550
s o VL Como b (g 4 o) slaoly S0
<l (Information fusion) cleMbl sgmen 3,54, b
58 gilae Jdle SO busddb Kl )y
Fels s g 090 Jlos! il dan &y (63955 555
et 5 L s 1S e &) dlins (s Sl S ]
cdls ol ] e cans 4 ol Zuoly Ll ol ol
Baa cplpls fCuwl diue o Cors dgu w5l Bun
o vaab oy oledbl beed | edlaiwl cadllas oy
lwlid g adS oo (Sl oy Cono (2 Vb st
3 oslil L (ga5m a8 (gL > 5,18 b (olm puiite
sl S35 a5

WSl a8 )90 Sl e Gl 3 0ad el lallas
las agiy Y] ond olitul Wigyy (cliy syt (gl (oas
Jos 4 o gylol Slalllas i (glol Slallas g4 1 don
L Lol cslaislyyy S sl )3 fhe sl puite (plolid 5 5l
Slagsll iS5 (gl Sosls slajby) o5 Byl & 4255

dodo
ol g alpl » @ls cblon il (oAl pose 2ol
ol s 4 elg > 55 (gilow cpl (IS job 4 g col
ol mld yas Job ol s @ s oYL sblage
A a0 9 3Lod Gyge 93 An AlS eje oluyb ey
O 2 dply pyidhe g calie Slopy yogy alS Kgn Ll
ESRD(End-Stage Renal Disease) 4 Mo o low

Sy yee 9 Sye plad lalS g Soglhe (S5 cul
oo oM dguty ks 5l adS” W &S (05 (sblse olis
S9lS S Ohle )3 (Sj CudsS gm0 @S 3 5 Sl 9
alS 4 cuns Gliee el el s @ cwl Ko )l
(s 4 S ke (e 395 (535 e Sl o
aS o)lew cxly jo bl aih o S by S0
O-See coliol (g0 b 48T (S5 1ba b laJle Sl oo
slados jo jo bl 4 b aed cund g5 SW55 Cul
01 A Dlyo tr dog b 2 VL Sy b e
P Jolss 9 slsm alS Sl e g9y 2 adlllas pls
Sgpo SV (Gt Cono ydlaie 4 Jao S &) o
V]t sloizg
Jold S 90 (i (Sapie ojg 53 0ad plosl Clilllas
o=l 2 Gladlas o cwl souae oo g Lg)l.o] Slallas
3o d VY sacel Cawd 4 Como Y] el o edliznl oo
039 399010 lakign (slp 203 7 5 3890 sladigy (s
2 S S Gl e cadllae (] @l (elal ol
L ek bl oo (s sladise I yides 05 slasien
b Olise g Gloj ) Ghlow (S 035 a3 LS Lol 8l
YUY Jlow 0 6,500 adllas 3 b o ialS (saig0 alS
JUG WA (YL 05,5y b 48 K560 590 OVFYF (S el 5
adlas ool ) [Y] 28,5 )8 (y 3)50 gy dibeo (g
S (£39)9 lp yeite TA 9 05 03litnl (g0 &S b
A e o pdaw Colue gl /F lade o ub ool
Dew sl 0 350 Jolos 5losmd oy g ok WS Comis
OV 5l oLl 3 YOy Jluw 5 (gladlbas 50 olwlis
uy_w])..lﬁ U‘)—"A L as eolewl Lgus VeV & ]oy).a pyero
Jb & o055 (Glomerular filtrating rate) ,Ygoqls

Journal of Health and Biomedical Informatics 2016; 3(1): 1-9 y


http://jhbmi.ir/article-1-136-en.html

[ Downloaded from jhbmi.ir on 2025-10-19 ]

J9| b)w Qg 5)9.3 4\"/*0 )Le.‘f

(S S 5 Ceodhus Seilo, gl lono

Sl g Al Gl 38,8 Jelse ololis

099
5 09 (bl drog g9 il adlas yl laodly (55910
Ol ol & a5 g b calllas oyl > oolaiwl 3)50 (slaosls
6iels 0dgy 3ys0 YV I hoasie Sy Hlai 5 4blS
P IYA-A gla Jluw jo als asan oaiS cdlys olylew
o1 Spglaer la)S b yashadl Slo)> = bjael 355
Gl 005 0355l V' Joda 53 0a s gl il (S5g VO .l
2 okl abail glaie 4 5Jbd 4 jlen cliS L g Jlen Sy
o=l o edly oo (gly ol oads a8 )S s > slay oo
Weka 3.5 ;Clementine 12 la)jsle s jl cadllas
e hlen srodly (Siloyoro (piron Cuwl o oaliwl

A ol aily (S Jlowo dlox jlodomy Pluw )5 ey
o3> sl by L 4l S (gli alie Jlowi b s oo Jlas
P Sbpiie lolid & glite (93509, b (5o w59l
o=l Bua adllas cpl jd uiored by alS Bgn ol jo
lolid )3 Sef pinye N ilodige S Caols jlog,
Do odlaiwl A IS Wisn (sl i > dlgy sl S
o=l 5 glS ool (sla g, 5l odel Cawd 4 s o 5YL
oo &S Canl 0395 [VV] e 4SS 59, b g JoAM calins
bgpran L 45 039 o) Gt adllao ol 55 S oVl
oy 7 51 i 0 ]y Bgw sl i Cone SleMb
ol s 3 )sn dalllnn ) Lol Vg 0 S5 3)lge L
O ly eanaib covs Sy e OleMbl b wa LT )
5 S5 oiyge Sl 3 oslisal L LT =Y Sl 73+ 51 i
285l YL gata il cono 4 g e da Shy ShalS
o LB YL como L S piye S LI =Y S,

Al Ngw S S Caa ol oMl g Sy oy 1) Josa

9 ) & 29 ) S )
053 53 Cubd dg2g AN (oo (s8lo) 05,5 48 5 0153y \
(o) Jos j1 3 3db> ooy e VY (p59kS) 03515 Lo v oAb v
5> eg W 01555 5 odidd (o> 09,5 Sl A OAB Capuusd )
45 Wgy adle ¥ 015 yS g oxmd 565 RH luon a 0 55 o> ¥
Son Al 93 & aen \0 [XEXFY Ve 00 Copuucics o

L 5l oolitnl b lgn a5 Sy p3 il sl8 ealy s
@i o3 an wbgye aaste Hlai b dslS Oldles
@ o dbbgiye pdlie 4 1y laojl ol ojledd 9 3,8 cay x5
B ang Ly g oo dbnl (Shy sl 65 5% e
Voao oS g odind oy s Shy s (panasie Sdy
Lo (i 0355 (adlid o) ¥ 4y 05,5 (g 9 48 ¢ o)l
5 J=8 50 ey wue o BMI (Body Mass Index)
9V Jshia b gl wole £ 51 25,5 5 5Se 6 03l 93 4 Joe
e g Jloy g cuslio ojl (gl + e 5 ol 03 g ¥

sl 085 0315 Lol Jlo i yué g canliols ojl (gl )

D ads jo dlmodly SLwlis 5l e o3Iy (g3lw o3bo]
O 50 oliwl yge sla by s SLEl Laodly ybjldp
Gilw By by =Y 1l wog ajle adllas opl j3 00l b3l
sodls (gly 1Sbo 1 oolaiwl b 039800 Hlade 035826 yi3lie
04y dgg0 (sdyeS ) 1> owl slaodld (gl de g (g20e
wid pbol (il Jboy S odly (g9 00l bas =Y cul
L oS olaets)osdl oy 4 b )0l () 5 cono S (i
L osla Sy adlas opl 0 0y 0 YU 1) 458 o )5 dlold
904555 )59 9 A8 XS g 0ddd Cpw Jold (gdas yolie
aS Lo She ool ol odg Jos 51 L8 5L loj cte

Sly e Sy Wlgies Nade Jold 1) (oobj ke

A5 Wgm Cup cwliol g cowlio (o (510051 (503 anedi 1Y Jgun

w03k ojbgy 3,
Jls B B¥e 5 Juo¥e bY- caslio )
JW e 5l 35550 g Jlo v 5l xSa g Gl Y

Y Journal of Health and Biomedical Informatics 2016; 3(1): 1-9


http://jhbmi.ir/article-1-136-en.html

[ Downloaded from jhbmi.ir on 2025-10-19 ]

e g 250

Al Wigm S8 S e 43 (595 B3> 3,8

o (G 0095 (L Gy T Y Jgu

Spoe gy allb S bl pad L bl 5 29,5 U BMI e, )
by »é oS i B I ySasS )
Jby Jboy YO 5 VWO (o Y
Jboy Oj9 4Ll YooV o ¥
Jley »é e PR v

adb don dy (939)9 o5 )b L8 (gjlge slBle S
s gl Clox S gl 5 pliS o g 3950 Jlos! o
@ Gl bole cnl culie CuS 5 L S (o )]
J> como 3900 wnS 5l Ban s cpl 3 bl e cand 4

V] ool i
4Sgeinj g HOldOU (29, 4y Jue (L) i (ot
92 4 La2ysS) dsgere gy (nl 3 38 (o0 S e (ol
laosly 9 Ls_..u)?a] laodly a4 S ool Jatue 4e goro
pos 95 Jsmane yobo d dgbi o Bl il Bgpme (903
Pl geil gloodls plyis 4 4 5 (Bj9el sl 258 )
g Jie cdln ol b590] clmodly dcgaxo jl 2gu oo

Do oo 0dlau]
g 2lalid 4 Sy bl iy GBS Ty (ool
Fe e g Lo Jae Cale ) plote la S iy Sl
90y o (Sig olowl slagi ;o il o Wosls
(S )k 30y 3 M (65 2 (e 9 53 30,
2 Gl gadl o20)o8l I St (Shg Ll w2 )o5l
vt Lo Sy CBl sl S5 e )sl l adlae ()l
A dwled odlatwl edld yb3ldy i dls e 3 (6ld ey 4
e S) i psSl by oad bl aige Glo Shs e
s cpl b Jde Como g 0 00l wodd W i Jde

Dgud g0 0538w (S g

=W

DP9 d | Jols cono 1S digm (S (S Come
5 A sty ) Geble g el )3 (ouas 4
99y j edel Cowd 4y Cono g o AY 9 AV AF L,y
o9y 4w jl 4 Ciwl 0oy WIVY ply GleMbl  bsoan
oSy b loidn Jdo omizmon Cunl JYL odd 55
D o guls 4 oM canl 03l a1y duo > AV/EY
el odb 03ygl ¥ Jodo > alS Wgw (cliy

She W ol (o) )90 031> degare cals yo ol 5l
ol 0357 Jlow 039 VOF SleMbl 4y bgypo Y g+ polis b
2 39390 sl oSl 5l oolatwl b dls o ol 3 265w o
Al a8 Ngm Al g3 sl it sy e (ki
0 ool (gadids mdaw 9 il (gilw Jde (gly ol 0
9 e ASumd el S350 ool dw b gl daw )
Ol @l e 00 plonil il e plisiy by Geile
Lt 5 s5bisabl B oledlbl Jyan gl 4 loiziils
@l Jie g odd S 5 o m L pgd e )3 1S sls
Ll 045 Dl

O S csmas 4ub gbde (le )t amas &S
ol e adllas ol jo g 00,8l (ol (gl g5 Y wis
O9Fa &b S (eoges 1S Lo Cal ol odliul Jse
2 ol oAl ST (e g (295 5399 Yl 4Y W
$39)9 r52e Wb gty (s dSud S ) caalllas
2 VL Ol &Y 4 39p9 Y 3 (Sl s> VF)
S Gl pae L sl ply oy (293 4Y 5 Slwlxe
7] ol o odlatwl (gXgu

AS o)l cB s and (o)l qerenal Gy pmonal S D
ool 53 (sl (BB gla )9Sl 01 6550k ol
L 9090 <800 S adg b ey oS0l ol &850 592
doallas pl D [F] Wby o 09990 pe B S Mg @
o3 03lawl puemial st cdli 4l CA5 )6
Ll

Se ) gty S0l sl i leindy 4132 oaile
o 09 el (bigel sloodlsy Joag (gl (oS i cublSS
OlsSe R ©ylus 4 1S oo olitul 355 slal L Lad
51 bipel slmosls s bl S, oslisal b S
o g JLo 8 o S (S st & ol 5L
45 Sl alge oaiiShr adio pl JUid 4 o poSUl cp>
P L] aS e (Kd oS e S slas Sy Wlen
o3l oy oy ymble (slyy RBF a5l ctalllan o)
ol 005

Journal of Health and Biomedical Informatics 2016; 3(1): 1-9 £


http://jhbmi.ir/article-1-136-en.html

[ Downloaded from jhbmi.ir on 2025-10-19 ]

J9| b)w Qg 5)9.3 c\‘ﬂﬂo )Lerj

ey o 9 Caodhas Silo, gl o

0355 Lyl g Comin sl Shg «Cul 0ds 0l c0ds A5
9085 g 0dimd (g5 09)5 (Jluan lind (pw 0X S (S
LS iy plsis 4 Sej pi)sSl g 4l gy adle

Alosds ololid 4l wg (sli 5 5,058,350

Sl SGHG oR )9l dawgd Aty SS9 (b
N3Ble s §1 S wia)oll bwg dine G Shy (lolid
oy s s sla S ol 00 ool Weka
ot Jie 4o gabdib Can 02 )sNl ol lawg 0

a5 Wign W Juoui gl € Jgo

PRGN CRPITYES

(we,3) Como e O 999

59b3 £95 S g dilo simd o Glow (w0158 Cauis BMI

a¥ s 454
ay POV U SN
ay oty o cwile
Q/vf leMbl Seman
/sy S winys S g el bgoman

ey L Sy «owled (nl jeedi b g 5,8 gl el (isiled
o 53 2950 ) il 2,8 ki ) IS 30
sl ok 0313 Liales & Jgan p3 sl oel Canwd &

9 4l Wgn sl ae D e sl Sy (bl jolate 4
ool S )d oy S5l e S oo I Shg (! b))

o S 03 51 00w ] Sl yailsd 10 Jain

Pl

g 3, Dy e Dy Bga oKl Lilb Jlw £+ 5 555 b g Jlo Vo 5l yi6S osimd e g 3L 4y Jloy pe BMI g sl o5 jlew 31
KWL D9 sa 0y B olST Lol sl kS G able ¢ 15b aush Jloy wé BMI g il 550 jlow 31
g 3, Do ca Dy Bgu oSl Wil (Blao g4 5l Jlow b g9 5 23k azils Jloy e BMI g il 340 jlo 31
o Lgy Slo o b gw olSST wsb Blaw g9 5l Hlow 3JU3 £55 g 2dl atsl a8 Kgn able g 13b Jlo £o B Y+ s ojb 50 oimd g jlow oy ]
o oo Wl gn ol 3L Jlo $+ B Y+ y0 0didd o 9 3L 5 slew 1

N

& 6 t -t —

oo sl 0392 (lagidy Sy (ble g prenal 3 (s
e g oAb (gmen ped paw )3 il oyl gl
ol glaanaib I SOy ubailb cors I 5YL
L la Sy (alolid pslaie 4 (ioren canl 03> (ol
0 )R Sf iS5l Al Wig (slby doms > cuenl
Lt 5 o9y oyl (e Aol o S e wl oas a8 )S

Do oo duslie 0je> pl > aslS Cilalllas
w9 bawgs 04 (Ll dinge sla Sy b alasly
0395 ad L (yB9) 93 B 53 erenal 3 i oSl 5 S
L dwolie )3 ol ol ololid 2V e coonl asd b S
dalllae 4 S 555 o sdalive e pl yd oud ploul Gllllas
»BMI 5 wous plogl ol 598 15 ¥er¥ Jlo o oS 4
5 byl aalllas 93 )3 JA] A o 2B ]y S g i
M patie jo ol,Ken g Meier-Kriesche 4 Ko

S (Gl (ol )3 9 g 0dalia B Jgio 13 &5 pboplen
Jley 1 05b 53 jlow BMI o)y 5459 L5505, b alaly )
P oeasmd b jlew &5 (604190 50 puiren Gl azily HI,E
2 ite bl 03 Jlo B0 B Ve Ln s camlio o3
9 Jbe Ve ) S o (uSe g ol 4l 48 g i
ly ) sielas dine; S5 Jalge olyon 4y Jlo £+ 51 35,5
Stz S Sy ¢35 Owle5 )3 Cawl 03)5 wal)d Ng 3,
Cowl oad J1,SO Lo £ 9 S Wgu diilu 0ii WS g saimd
IS e slay o b Shg opl Cuenl snimd Ll opl &S

)

S 35 4ol g Sy

J._Jyu L;lm (JWL)“W XV L¢ 9 LS?K 0.31.) ‘))Si9) L\ adllas L))‘

aib cowl o plosl ] 4o 55 Jelge glolis 5 4
S glauadb @ sllas pl )0 o oolaiwl 4l (sbasy

o Journal of Health and Biomedical Informatics 2016; 3(1): 1-9


http://jhbmi.ir/article-1-136-en.html

[ Downloaded from jhbmi.ir on 2025-10-19 ]

e g 250

Al Wigm S8 S e 43 (595 B3> 3,8

Ui B &S cpl s @ ddlllas cpl g0 Lol conl o ool
Feodge Jos 5l B 4 borye sl piio b 4l Won i

Lol o olawl gyerys u"
a bgye Jos jlam g 8 4 bgrye (Shg OV 5 [F] ol
ol odlatwl lasidy HIy udle Jigy b S’ Waw dyg0 VeV
b ol ol (Bpeo Nig Sl Glise 3 Jolo (25550
0359 035 15 i 13l 4539 yle odcal Cond 4 S
D)9 dw 4 fJa.c )" o Wl)f O‘)’.:.A 9 OBy ‘o.\j),f
adllas ol > Sty w)oSl (295 S Sy LayE sl
Vg Sl (b dgd e oalin ¥ Jgiz )3 & jobolen
Coun «SiBi vl yeSl g leMbl dsmed jigy 4 4lS
Couis BMI 5540 Lo ) oolaal L o pp AV/5Y
L Joloo Loy ool s 4y oo ] oS ol 03l ases
e ) ol 3D g9 g AlS Waw ddle waind pw ¢jlows
o 4l Do Sl ilos e )0 oS Slalllae I plas
ign 5L 3 JS,8T ke plsie 4 1o £ (S esd
o olwlis sl Sho oS Jb o sl o lwlid als
Sow S 50 e (bt s3> (Ko SuBf o )oN Lo
o s opl &8 Wloads (15155 b e cilddllas jd alS
SLi ) Phe o Shy pdn Cono b S5 ok )sN)
J.:y; LgLO; ww “«89) L)" )] | o.)/.f ‘_,’.’L»L.w ]) .by)
4ol «SB] )9Sl g Cledbl (Bgomen 39, b 48
RS & el CE)> SaS 4 iy b dmalie ) (i

ol aily o o

s adllas ol 55 ond et Je 5l sl Cawd 4 oo
Oladlas U dwlio jd 45 Canl 20> A/IVF plp g caslio
il edel Cwd 4 Como pitmed Al o 5V alie
S5 w9l (295 (S O S b 4l g sl
Gy sl pwlio jlows Como &S Conl 2o > AVEY L ol
3 ady LS 4 cla g, 5l edel Cowd 4y Como «yigy dunlio
sbagbe) b ads Bon iy plise (Gnpin adlas 3590 2>
ol 02 03 )5 £ Jgr )3 oian Shgn

PV Jlu po gladlas o i [YA] cowl el
S sl o 5o Jolo ¥ 51 (S lsie 4 033y g cololl
L¥] ol o Bymo (s Mgm

£72 o 045 iz g (J95 095 (Slued (sl yie
los s (plolid S5y sl bawgs Connl b sl Shg
AU A oad o0l s [V ] aalllas )>  So5 09,5 Dyge 40
Ol L 0l p 5 gl G5 sloog ) o ()l g
AHlen o Park adllas > ;505 Gyl 5l Lol 0,5 393 <l
L dlio )3 LSy (Fo5 slaog)S & Ad asuie [VY]
e O e Mg L e ©glite (S93 (slaog)S
aS wloaly i dalllas din 005 05 Comin 390 4D AR
Oliee b Lgm 02D 5 01558 38 Camiss (o 5y sz b3
Olalllas jd 4 JLs 0 IVAY] 5)lu0 09 59 Sgm slis
04518 Cuwin o, Sen g LasSErre 4 1) Ken s Brown
V] ol onds @bl B Gl (i 2 Fhe Jolss ]

&S N (g o 9 Al Wgw Al g 6aiBd pw (s yusis
adlas (pl )3 prenad €83 whyeSl g ST w2 )oNl Lawgs
sl (paiz > bload lolid She b Shy olee 4
ol SO Waw (sld lise 53 50 Jelos | odimd pw [VFY]
YN Oldllae (38T IS dsg0 dalw b abayly 1 .ol
Gl 50 9 Naw dblw (gl e alayly a8 Wilosly lis
Sl asw amlw asdlas ool 0 aS Jb > 0)lh 3935 Lo
ol o0l ALl Wiy slis Gliee 2 e Jelse

by aS cowl ola She il 00505 5 0didd Cund o
ol oad lolid Cenlin Sl Shy sir S wh oS
L oy mme adaly (Sig opl 500 Gldllas > a5 Jbs jo
Slasw oS wil pl Wlgs o Juds VEAV] 5> Ko slds 500
Sy ol 3 5 ol o adllls gl > 35 s b cslaods
oles ©de (sl yusio il w0 paasi 9 (£530L 4 B Jus
= LSy s @ RH Glass 5 Jos j1 S 5o
5 ohlSen 5 3yl Glllas a8 loa s Slolid Cuenl
Oomed Wi Eaige Cpl Lo [VF] ), Kea 4 Lasserre
E95 01T Sy 0B Cani> (s yusie Oldllas oyl jo
Copol (o sl Sy sja 0835 )3 Cobd lew 9 ot
alaly 4 NON] Slillas a8 Jls o aslonds slulis
o)l ASgn L (e 9 392 Gl SRy o ol
o Oy S o it 5PN ] adllas i > Wled S
4l e li (ot et SR Oy 4 Jes

Journal of Health and Biomedical Informatics 2016; 3(1): 1-9 h


http://jhbmi.ir/article-1-136-en.html

[ Downloaded from jhbmi.ir on 2025-10-19 ]

J9| b)w Qg 5)9.3 4\"/*0 )Le.‘f

(S S 5 Ceodhus Seilo, gl lono

Al Wgw W Oldlhe (e UG 1 Jyua

Coo ot ol oogy  adlbe plodl Jlw g Joe i,

(ae,2)
A+ S guan mas 4Sub (0] Y494 — 1 0 \
\74 POV ) N]YeeY — Sl Y
Y fowouas C )3 mas 45 [Y¥]¥e-0— Uiyl Y
AY S guan (mac 4&Sub o] Y-V — Wy ¥
M s gt 4 [YAJY+ A= yas 5
AY S guan (mac 4Sub [F]YerA— oyl 5

Oronen ol 0ad aa il I S e cono I 5V
25" (gl 13 138 ,8b (gl puite lwlis (gl S5 i8]
S oolaiwl L 500, S Jas paoal &3 jl g (64550
S50 o) SN b Slse G Gl Come a8 sl e
P9y Sy oS o )3 el 03, A5 el
ool A sl Sy 2lolid Cax omlie
5 S b dulie )3 ddllan 1yl Wged o2 sl S5 4y Y
3 SO VY] ol Lo 3l a8 S pal )3 0 yuiiie ilalllae
Sosler @l 6 5 Jlo S5z 5l Wigel wr > gles Jle
FS ez 9y 2 B pete 3aB 9 S e (piy slaedly
Sy o) ot Sol lalllas iy sl o Slasios
09> ol )3 Jlub ciliseo Sy (laodls (g)glcex i 550
(rapen il i Slillas Gl (b g5b90 Nl oo
odlatwl dive (pl jd Cldllas pdm ;0 &S olayusio ) edlaiwl
AS gl s 4 88 Jlawy sla el aons usb ) el 008

sobie 5 3Ll g9 3l Limody cnl (e d)50 slooigy
La puito oyl 51 oolial g b b Ulgd b dogyye (slansld
la gy plo 5l edliinl (gan Sldlbe (gl g5 s Kl

LS S ddlllan ol Oyt 4 g5 oo SN Ldgoman

References

1. Mahdavi-Mazdeh M, Heidary Rouchi A, Norouzi S,
Aghighi M, Rajolani H, Ahrabi S. Renal replacement
therapy in Iran. Urol J. 2007;4(2):66-4.

2. Ashrafi M, Hamidi Beheshti MT, Shahidi S, Ashrafi
F. Application of artificial neural network to predict
graft survival after kidney transplantation: reports of 22
years follow up of 316 patients in Isfahan. Tehran Univ
Med J. 2009, 67(5): 353-9. Persian.

3. Brown TS, Elster EA, Stevens K, Graybill JC,
Gillern S, Phinney S, et al. Bayesian modeling of
pretransplant variables accurately predicts kidney graft
survival. Am J Nephrol. 2012;36(6):561-9.

4. Lasserre J, Arnold S, Vingron M, Reinke P, Hinrichs
C. P Predicting the outcome of renal transplantation. J
Am Med Inform Assoc. 2012;19(2):255-62.

5. Santori G, Fontana I, Valente U. Application of an
artificial neural network model to predict delayed

A Coio op Yl gl o dasMe £ Jodn 0 &S jeblan

u’_wym L)"9) )] odla_wl u)])JL,u ol 0dg) (omas dS\w
Giwaab Covn ili8l g cabaab dedy el CleMbl

kg oad plulid die sloShy rized 2500
WS g sl 3 IS ,5L ol pusie <3 (S oSl
o=l g0 oolpiiiny Jae i 4tilS Oldllas zols b 3illes
odd olwlid Sy 0 LS ¢ GleMbl bgmen b cadlao
L asls gn ol (i 4 2B (S o))l by
S Bgn sl 40 Phe sl pitie Cuwl Como Juoyd AV/EY
0l md yw @SS Cawis> (BMI) Sus 0355 (el

D15 2lolid 4l Sgy bl g (Jo5 09)5 (Sluan

Sbypsie ololid 5 45 Nsn i Gagiy @ adlee ol
O gl el odd aid by (slam alS cld )L’\fﬂi’sl:

o=l L (g 05 oalatl oyl 0 piile g paouas

odd oS 5 o L LMl hgnen iy & Lo
D49y 4o b ba il als coS 5wy e i gls .l

Covo by (i Jie Mo 4 oo SleMbl  dgoan

decrease of serum creatinine in pediatric patients after
kidney transplantation. Transplant Proc.
2007;39(6):1813-9.

6. Han J, Kamber M. Data Mining. Southeast Asia:
Morgan Kaufmann; 2006.

7. Ruta D, Gabrys B. An overview of classifier fusion
methods. Computing and Information  systems
2000;7(1):1-10.

8. Rettkowski O, Wienke A, Hamza A, Osten B,
Fornara P. Low body mass index in kidney transplant
recipients: risk or advantage for long-term graft
function? Transplant Proc. 2007;39(5):1416-20.

9. Meier-Kriesche HU, Arndorfer JA, Kaplan B. The
impact of body mass index on renal transplant
outcomes: a significant independent risk factor for
graft failure and patient death. Transplantation.
2002;73(1):70-4.

\s Journal of Health and Biomedical Informatics 2016; 3(1): 1-9


http://jhbmi.ir/article-1-136-en.html

[ Downloaded from jhbmi.ir on 2025-10-19 ]

e g 250

Al Wigm S8 S e 43 (595 B3> 3,8

10. El-Husseini AA, Foda MA, Shokeir AA, Shehab
El-Din AB, Sobh MA, Ghoneim MA. Determinants of
graft survival in pediatric and adolescent live donor
kidney transplant recipients: a single center experience.
Pediatr Transplant. 2005;9(6):763-9.

11. Park K, Kim YS, Kim MS, Kim SI, Oh CK, Han
DS. A 16-year experience with 1275 primary living
donor kidney transplants: univariate and multivariate
analysis of risk factors affecting graft survival.
Transplant Proc. 1996;28(3):1578-9.

12. Courtney AE, McNamee PT, Maxwell AP. The
evolution of renal transplantation in clinical practice:
for better, for worse? QJM. 2008;101(12):967-78.

13. Briganti EM, Wolfe R, Russ GR, Eris JM, Walker
RG, McNeil JJ. Graft loss following renal
transplantation in Australia: is there a centre effect?
Nephrol Dial Transplant. 2002;17(6):1099-104.

14. Almasi Hashiani A, Rajaeefard A, Hassanzade J,
Salahi H. Survival analysis of renal transplantation and
its relationship with age and sex. Koomesh. 2010; 11
(4):302-6. Persian.

15. Rezaei M, Kazemnejad A, Bardideh AR,
Mehmoudi M. Factors affecting survival in kidney
recipients at Kermanshah. Urol J. 2009;1(3):180-7.

16. Humar A, Durand B, Gillingham K, Payne WD,
Sutherland DE, Matas AJ. Living unrelated donors in
kidney transplants: better long-term results than with
non-HLA-identical living related donors?
Transplantation. 2000;69(9):1942-5.

17. Matas AJ, Payne WD, Sutherland DE, Humar A,
Gruessner RW, Kandaswamy R, et al. 2,500 living

donor kidney transplants: a single-center experience.
Ann Surg. 2001;234(2):149-64.

18. Song YS, Jung H, Shim J, Oh C, Shin GT, Kim H.
Survival analysis of Korean end-stage renal disease
patients according to renal replacement therapy in a
single center. J Korean Med Sci. 2007;22(1):81-8.

19. Goldfarb-Rumyantzev AS, Scandling JD, Pappas
L, Smout RJ, Horn S. Prediction of 3-yr cadaveric graft
survival based on pre-transplant variables in a large
national dataset. Clin Transplant. 2003;17(6):485-97.
20. Shadabi F, Cox RJ, Sharma D, Petrovsky N. A
hybrid decision tree - artificial neural networks
ensemble approach for kidney transplantation
outcomes prediction. 9th International Conference on
Knowledge-Based  Intelligent  Information  and
Engineering Systems (KES 2005); 2005 Sep 14-16;
Melbourne, Australia: Springer Berlin Heidelberg;
p.116-22.

21. Akl A, Ismail AM, Ghoneim M. Prediction of graft
survival of living-donor kidney transplantation:
nomograms  or artificial neural networks?
Transplantation. 2008;86(10):1401-6.

22. Port FK, Merion RM, Roys EC, Wolfe RA. Trends
in organ donation and transplantation in the United
States, 1997-2006. Am J Transplant. 2008;8(4 Pt 2):
911-21.

Journal of Health and Biomedical Informatics 2016; 3(1): 1-9 A


http://jhbmi.ir/article-1-136-en.html

[ Downloaded from jhbmi.ir on 2025-10-19 ]

Journal of Health and Biomedical Informatics
Medical Informatics Research Center

[ Original Article ]
2016;3(1): 1-9

The Impact of Data Mining on Prediction of Renal Transplantation Survival
and Identifying the Effective Factors on the Transplanted Kidney

Mohtaram Mirzaei*, Mohammad Firooz Abadi®*

* Received: 31 May, 2016 * Accepted: 16 Jun, 2016

Introduction: Chronic kidney failure is a common disease in the world and kidney transplantation
is the most effective treatment in patients with chronic kidney failure. The aim of this study was to
predict the survival of transplanted kidney and identify its effective factors, and also to provide a
model for higher prediction accuracy.

Method: In this retrospective study, data from 423 cases of kidney transplant patients during 2006-
2011 in Afzalipour Teaching Hospital in Kerman were obtained. The neural networks, decision tree
and support vector machine were used to predict kidney transplantation survival and information
fusion was used to combine the results of these classifiers and design a model with higher prediction
accuracy. In addition, for identifying factors affecting the survival of transplanted kidney, genetic
algorithm was used and for data analysis and implementation of algorithms, Clementine 12 and
Weka 2.3 were used.

Results: The accuracy of neural networks, decision tree, and support vector machine were 94%,
92%, and 92%, respectively, and the accuracy of information fusion was 95.74%. Also, recipient
BMI and gender, donor age, compatibility of donor and recipient blood group, and history of kidney
transplantation as the effective factors on renal transplantation survival were identified by genetic
algorithm. The prediction accuracy of this model was 91.67%.

Conclusion: The results show that information fusion can increase the prediction accuracy. Also,
the genetic algorithm as an effective method can be used for identifying the optimal features.

Key words: Information fusion, Neural Network, Decision Tree, Support Vector Machine, Genetic
Algorithm
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