[ Downloaded from jhbmi.ir on 2026-07-09 ]

Ly Gt 5 S Kl 4 ales
Ky Kl gl i 5 o

PP PP o o) o bt o) 650

Ol b 30 395 (S (ST 32 S90S 3 (i (a5 T ) oo S 3Lyt

T 55T Lo le ¢ SLS O30

ar/ANY i g dy e VYV il Sy e

Wl (648 & 9y L9 [yl &S cwl Gl (U5 > et g9 i@l 9 oy Elgl reld j (S ey Gl pw desto
Ad o il L Gliel |y Jlaas] cpl e (90b5 Jelss )15 3935 duome 3ge Jleis! 6)lsen (sjlow cpl 4 LM 53 .l
d9 o 0l Gl oyt 1 (S g 290 S 4 glbye npta b pasds 0 & Cul o by 5l sglSedls
Gl by 2350

@ dag b ooliiel log o 5l (Sho WA g gl by & Mie jlog A0 gloodly 51 S5auslS adlllas pl 5> 3y,
wxlagily sl )sS ) 1 45 y3lhe dexs JuIody 35 03liiul LB Jlog 50 SleMbl s e gasme ol (sboosls sbj b S
dmosls (g3lwoslel 5 o315 i slaj 51 S olgicas SPSS.V20 l53le 5 5l onlatwl b g EM 130,60 )b 51 polie o)
wodld 69y » JA8 5,0 (65,5 4 b ilow o yd Slies ol yw 350 390 25T i e SO )bl 53 g odd 03] eSS
Cowlodds 43l

a1y daome 3ge e hlew I ao)d W Las (Jde opl g dopd AD 5 OY (ud iy BBl drwgd e Culus § (Shg gl
W ool 250 D9 daime ol

Sy @Sy Ll oo 4 pbsil 5 (g)lon 395 3)90 3 Wl oo cuslio Cpmlas 9 (Sho b b Jie Sbml 15 o5 4o
O, el Jlws (SS5 Gwiin e 2 50 OO Lbie doyd el il 41y caslie Jlada (ol Cd i 5l S5l
S a Jad LB jlude «Sidae Lld jlaS 009y oo VY jlade (pl yils iagh o a8 ail awily (SUylas Cllge Wlgs o 1y

.M)Lso

U_Q;Tu».u Jse ‘dslfoab eyl oyl pao :l.s'bbj‘, 5

OOV Y Sy a5 5 CanDhs S5 5l s Ol Ol s ik 358 i i 6l 658 0005y i 8Tt ol S sl L e 25T a3l LS 18!
X5-¥Y

Ol en eogin (S5 ke ol8Cils o Sy 0dSidls g gmeitils Soliiond 4208 ¢ STy ESGley g el (57575 (5 el )

Ot 05 ¢ AN slgor g Ol por Dl 5o Ol o ESC3lay 51 253y 09 5 Y

D e S5y 5 sy 03,5 ¢ AL sl Dty Ol o Sl 5 0 g s (5o Ol (S 655 5 Olon 0145 5 J 90 N 98

e Email: AtashiA901@mums.ac.ir A-MIVWEVA : wled 0 slols e


mailto:AtashiA901@mums.ac.ir
http://jhbmi.ir/article-1-65-en.html

[ Downloaded from jhbmi.ir on 2026-07-09 ]

J,‘ b)lw:: 4J9, LT dyay )-,A‘,{L‘

(S G 9 Coothos S5l s

S5 sleol Kl ol 5 4325 L oy 5ea 5 (Delen)
9 SxS el S (g (pmas (ladSd jl el
Ol Gngpbe glade dawg lp Sitnod (gee 5
iy a8 ol lis Ll clidos zuls 553 edlatwl b
2 dgge sbrodly I il zlseiwl gl preal &
S35 ¢ 3a850 5l oel Cawnd 1 ol 9 Canl pade n gy plo
oSey o (Land) w) peien [A] o5 cosdly 4
ol by oesle I ks (Verheggen)
sl (Support Vector Machine=SVM)
gl 90,8 oolatwl iy olbyw yge5 o815 (sanadl
5 03 ewlio 39, SVM a8 sy lis ssel e 4
cuily cillae ¢ sBly g 39390 Aaled b ool Cund 4 mls
slaaSes Jue il len 5 (Lundin) cpuy [y ]
03 gy (Smobn Sly Ssd (9 S ) 9 (Sgian (mas
ol iy Glopw & Mie hlog li dlo o3k 4
adllae 3)90 1) iy oy 4 Mine slow ABY Ll 108
bl 95 (i lroyS Cunsg ygeg 0jluil g ooy 1,8
slapsie plode aol) g g see9 59,5 Jogh S
45 Ndwy Ao opl A e MBS a5 3 (0349
Sl Sswed g5y opmes g gauadb Gl
IV el sl e (il s

Shey ez 5 olySea o (Pendharkar) s les s,
Oy ooy 3 3290 SogSl sy gly oSl
Ol oo a8 a0 i Ll cadllae opl 5> 03,8 odlaiwl
bl gl o)l )l ol ey (s5lS00l
o gl gy 35— 3 (Lol Lacals
2,5 odlisol (oloy g aSTobey (a5 jdais
s3ySag) b alagingh pa Glpl )9S )3 Bk I [VY]
(Jlo ly sl oad plomil iy Gl 05 )3 (59503l
S5 aw Sl irgh S phlen 5 Al ool
Oling oy dame 92 o slp gglSedly il
2 dply dw b Colps ) duwolie |y Ll 4 eolaiwl
g wdh (oYL By (Gliny ooy dime d9e Gl
cd> op,niwe {SUpport Vector Machine) SVM
S5 g DIV el |y suoe d9e b
oS Sly goleals slagbs, Sl ohlSes 5 (leddas
Obl paseds & 05,8 okl ()6 53 by by (5les
lpaised b ingh (ol [NF] e85 ©jpo oYL cd

Aoddo
oS ol (65 2 gy (p il Sl (So by Gl
#b cos (Suj dilize Jola 53 1y 065 51 koy 03 Loy
Ob5 0 e h mild (loyw ol [NoF] amdee )5
ol sl b 5>l ol )3 Slops Lol sS4 !
OLiS gy 5 4l (603 4 9) Ny oo E9wd Oliee
Nom e gz U ohlen gl i & smd0

V] sl odg dod Ar s A Ll & (s

L e b Gl (San 5 Wi (Slojw bajgess plos
9 B b o8 M) e GhgE Sbygeg Bl i
slrodg 5l ol (Jb cpl b saiS oyl 4
b Ol ooy & Mol jlad wlg5 oo 35 Gl mdsdo5
alo @bl gUj 5l (Br p gmes amy GBI
Oy jhs o Gliey wdbss Sbodg | )l paiges
o Sygeg %03 Bl el wdl il by
Al (Jy Vb cguime (Sl g 03 e
YL 1) jeelcadbse (loyd il gl yus ) gsi ol plSig;
T¥] Canl 03,

ot b pasds @y o cwl by, I glesls
ol Sl (Se ey onl e B 4 gl
ol ol Gl Gloju daome d9e it S13Sus)
g Cuto ols Sl el b Wil o (golSodly (slad g,
S8 Gliny Gl yir @lolid )3 1) b5 (3 ke
S osh ads Wl Las g )Sgy ot o [05] WS
Knowledge Discovery and Data ) osls oL
it g5lSooly lacSiS5 olis a5 (Mining= KDD
Slidos il So 4y adl gl Cageme jgy 4 gy
S8 4y Wlodd fas (S pole (hRiigh sl ol
3 eoly ol e g g oSl il o oSy o]
Ko J) ol b ot g 035 olold |y lapize
w03l sloolSoly 43 gm0 el 53 5l oslisl b (s law
lagings g by p Y] cwl ord i olSal Wl
obles sl Guptn I (B0 A dine) > (So5LS
5 ool lagigy 5l edlil bl by 4 Mo
ojo 53 b fag} g 4B)S O)go (Eouan (mas e
Sbyy 5l oslitul b bodly g balg) (8L (sl (S
LV col 4l iol38l o g5lS0al

Lo g sglSooly 5l oslail b oo jimgly (S5 pole 5
OB Jlie plois il oad plxil gt 5,50,

)4 Journal of Health and Biomedical Informatics 2014; 1(1): 26-31


http://www.ncbi.nlm.nih.gov/pubmed?term=Land%20WH%20Jr%5BAuthor%5D&cauthor=true&cauthor_uid=20054985
http://www.ncbi.nlm.nih.gov/pubmed?term=Land%20WH%20Jr%5BAuthor%5D&cauthor=true&cauthor_uid=20054985
http://www.ncbi.nlm.nih.gov/pubmed?term=Lundin%20M%5BAuthor%5D&cauthor=true&cauthor_uid=10575312
http://jhbmi.ir/article-1-65-en.html

[ Downloaded from jhbmi.ir on 2026-07-09 ]

il g S

S35 2 (hno (RS Jbo S 3]

Oy & Mo & (3l & bgrje 3)55) F70 ) ¢ yigy
slaald l oolasy ass) @ dn g b s oolawl widg oyl
Expectation ) EM 0,3 &b 1 ke
Sle s 5l eslizal L o (Maximization Algorithm
5 ohibrote sl jl S lge 4 SPSS.V20
@ diwgy (SBodld L b 03] pesS daodls (gjlwodlel
Gaodiwd wlsye cpl Gl G N0 had dwS polie
s dge ahd 8,5 Jlai 3 L sl (Classification)
o lp s plgl (NS ez lsie 4 Gl oy
Sdme 3¢ moby sl JAB iy on)Sl ) jgke
L K-Fold (g, 5l oxs slon) Jae bs) sl 5 ooy
ool Jnl b 5l w,e ol s eslazel K=10
A5 el WEKA
=W

solSodly lpl lwy gandawed <oy il jl e
ol ) edlazul b a8 ws LSS 0)gd e le WEKA

s jlow (i lp (Sbp pode ;5 (golSonls 3 )

@ ag by ey by GHlan ohg Caenl 4 Cole b
)'| oslawl L 9 dslfc)b L;Ubo%..i‘: 41:..»5 4 b Jémiﬁ dduo
2 ol ol S iy Gl 4 baype dgng0 (sbaodly
sl ooy (guaton p (e upin Jhe o eloygdS
395 (Suiphe Amd ALl ey by 3100 395 e
P& e oyl cuedl (o0l Sles jl Gl olb yw daze
5 d9de o3 slaw 4 p3Y Jltin (plbjw S5t 95 3590
gox 395 Ly pY Gl 5 aseis ©lll 5 e
WS o

O¥95
oy Gladss S e 5l edly (SansdsS (iagh cpl
Ay boge ooy opl il cobypy gy dugad ol
o o gl (Sho VA bl g pling Gy 4 Mo jlay
s cdegazme (pl 53 ool o5 jlaws (ShieS @ dogi b g
L)"l )9 cu;l)JLJ ..)9_) odlawl JJlB )Lou 50 LY byfo SleMb)

ol &l (G Je 3,93 ¢ oo ) oo

e bawgi osd (sl S

WS 0 295 (6 slow XS 0 295 (5 slow Sl o
£\
o ke Bly cute Sl 83,5 295 (5 slows
(False Negative=FN)  (True Positive=TP)
YA
g e O oo Sl 83,55 29 (5 slow

(True Negative=TN)

(False Positive=FP)

pazil by by 34550 9 Aaiuse oLl &y Jdo Lo
&8l doyd oS jasuine (DS i el g Lloads oold
(Jdo lawgs Lol wiloads by b jw 30w 355 jlad &S ]
syl polie (e i D5 a0 &S Cunl i S i
sg> o (Precision) cés 4 (ACCUracy) cows g 5

Wl oab 0313 HLES Y Jgas 5> Ll b

20 &S (ool dl sl cuns I yle Jue Cowlus yiel)l

54 wibad cupie 2o 358 dxs lgie 4 Jde
(Spe el Lload b dge b Lly &S ool
O Gy d Jde bug o ol (0])8] slasr 0uiS yasuine
Wgd g limy loyw daome 395 Yl &5 (o3 g
oS asude OO Cute yiel)b lloads el jaskis
Lol Wlowis iy ylo o diome dge 550 &S Cuwl (o)

Journal of Health and Biomedical Informatics 2014; 1(1): 26-31 YA


http://jhbmi.ir/article-1-65-en.html

[ Downloaded from jhbmi.ir on 2026-07-09 ]

J,‘ b)lw:: 4J9, LT dyay )-,A‘,{L‘

(S G 9 Coothos S5l s

Ol by 3300 398 by Jdo Sl Y Jga

S Jge st ol oU
AD rpipﬁ (True Positive Rate or Sensitivity or Recall Rate) Cowlwe
TN )
oy g
TNIFP (True Negative Rate) 539
FP .
\rd ( False Positive Rate) wdls cuie
TP+FP : ?
FN i
i S
FNETH (False Negative Rate) o315 i
TP L
Yy (Precision) cds
TP+FP
TP+TN
Vo - (Accuracy) cowo

wdd pol iy by 0jg> )3 &S olie slaiagh
Ol 038 sbul sla i 4 diwly sla Jao Jols iy
w2y b @l ol car jl Gk ool @ls bl Mibe
obler g (il (ool Giagh @i b awlie JB
e e pasell ) Glagh cpl sk 4 Wil
adles S jSke adllas ax ST )b (g8 CBd w3
SSS dw ja bl sl (gg800h glayogy o slawslis
ol Cans gyt cdd L adlbe 4 5> edlatul 3590
oy oL (sleodly g5 4 baype Y| & s idgh
Y] b e
Sl sosly oL polie ¢ yimgh pl scodgazs 5l (S
Teos S Ul gy 0 &5 455 plen g a8
33 b 03 e EM 3,651 by podlie ol b ool
Olee ddgs 2l a4 cwed I sleodly polie &S Sye0
bl slayehl plo g (aloijl g <83 &5 58 iy
b 29 Ay JB Gjpe 4 erd Sl e Je
Lb &S Cal Jao bl (gly hlew o8 ol S5 Cudgisme
anwgs hlow 3 gpda s b Jao opl cgan clalllas
ol s sglSenly sla yimet oled Al Jb ya 4y b
2olSL plo & g) dadllas 5y50 03l oL (4l ladd gl
Jn ol i) e §) o i (b Ly o S
Sl oS cunl ons plosl K=10 L K-Fold g, bwg
Oblew lawss oad dbu! sl Jdo (gin Sldllas ;3 29 0
i) S e alie (S S 4 eunl o oS Ay
g
References

1. Hortobagyi GN, de la Garza Salazar J,
Pritchard K, Amadori D, Haidinger R, Hudis

(5 325 4ot 9 o

) ggloaly lapi ol 5l eolitwl b adllas oyl o
Glr gslodh p e STk Jbo S forena
9290 Sodld 4 drgi b Glingy Gl 3450 358 (i
ozl laglbps b Sl by Gl Sliios S5
F5e Ll 4 Mol 53 (0L sl belge o8 ditan olags o
LSS 5l odlatul (39 e )Slo (Shy cnl Hudlbie
A5l o (558000

Sl (53450 Sla Sl iy Gl pw 2500 292 (sl
F Sl g sge95 s &8 Sllow 3550 53 iged sl w3
O3 Vb Sogo > dpdee wiby LS gk 4 baliny
S LS Gl by glope dge Sl e
S plal 1) ol leadl (s lacend ady 4 by
Lol 1l ol Miilgion o o) ) i sl e
SO rotn sBdde bl ejer 3 4508wy wb
) 903 4298 o b Jdo ol 5 (Shg yiall 93 4 b
5l oiSel a8 Wl o e 4 bl 5l Lo )5 S
ol a2y O e bl Jlde 4 Ll cnl p egde
B 0j 3 Smobe b 3 bl nl de ) el
48,5 Hai o e wolidl 4 Hlew 2,8 e 3y Cuedl Hlus
Jie yo il awsl  SUas sl Cilge Wlgh o S dgus 0
LB 1y Jse ol g ca ol 3l g Canl (oS L e
Ly Jgid

CA,, et al. The global breast cancer burden:
variations in epidemiology and survival.Clin
Breast Cancer. 2005; 6(5):391-401.

ya Journal of Health and Biomedical Informatics 2014; 1(1): 26-31


http://www.ncbi.nlm.nih.gov/pubmed?term=Hortobagyi%20GN%5BAuthor%5D&cauthor=true&cauthor_uid=16381622
http://www.ncbi.nlm.nih.gov/pubmed?term=de%20la%20Garza%20Salazar%20J%5BAuthor%5D&cauthor=true&cauthor_uid=16381622
http://www.ncbi.nlm.nih.gov/pubmed?term=Pritchard%20K%5BAuthor%5D&cauthor=true&cauthor_uid=16381622
http://www.ncbi.nlm.nih.gov/pubmed?term=Amadori%20D%5BAuthor%5D&cauthor=true&cauthor_uid=16381622
http://www.ncbi.nlm.nih.gov/pubmed?term=Haidinger%20R%5BAuthor%5D&cauthor=true&cauthor_uid=16381622
http://www.ncbi.nlm.nih.gov/pubmed?term=Hudis%20CA%5BAuthor%5D&cauthor=true&cauthor_uid=16381622
http://www.ncbi.nlm.nih.gov/pubmed?term=Hudis%20CA%5BAuthor%5D&cauthor=true&cauthor_uid=16381622
http://www.ncbi.nlm.nih.gov/pubmed/16381622
http://www.ncbi.nlm.nih.gov/pubmed/16381622
http://jhbmi.ir/article-1-65-en.html

[ Downloaded from jhbmi.ir on 2026-07-09 ]

il g S

S35 2 (hno (RS Jbo S 3]

Setayeshi S, Akbari ME, Darghahi R,
Haghighat khah HR."Breast Cancer and
Technical Analysis of its Diagnostics". Tehran:
Bitarafan; 2011. Persian.

Jemal A, Bray F, Center MM, Ferlay J, Ward
E, Forman D. Global cancer statistics. CA
Cancer J Clin. 2011, 61(2):69-90.

American Cancer Society. Breast cancer facts
& figures 2009-2010. [cited 2006 Feb 11].
Available from: http://www.cancer.org

Boser BE, Guyon IM, Vapnik VN. A training
algorithm for optimal margin classifiers.
Proceedings of the 5th Annual ACM
Workshop on Computational Learning Theory;
Pittsburgh: ACM Press. 1992. p. 144-52.

Calle J. Breast cancer facts and figures 2003-
2004. American Cancer Society 2004. [cited
2006 Feb 11]. Available from:
http://www.cancer.org

Breast cancer Q & A/ facts and statistics. [cited
2006 Mar 11]. Available from
(http://mww.komen.org/bci/bhealth/QA/g_and
_a.asp).

Delen D, Walker G, Kadam A. Predicting
breast cancer survivability: a comparison of
three data mining methods. Artif Intell Med.
2005; 34(2):113-27.

10.

11.

12.

13.

14.

Lugo-Reyes SO, Maldonado-Colin G, Murata
C .Artificial intelligence to assist clinical
diagnosis in medicine. Rev Alerg Mex. 2014;
61(2):110-20.

Land WH Jr, Verheggen EA. Multiclass primal
support vector machines for breast density
classification. Int J Comput Biol Drug Des.
2009; 2(1):21-57.

Lundin M, Lundin J, Burke HB, Toikkanen S,
Pylkkanen L, Joensuu H. Artificial neural
networks applied to survival prediction in
breast cancer. Oncology. 1999; 57(4):281-6.
Pendharkar PC, Rodger JA, Yaverbaum GJ,
Herman N, Benner M. Associations statistical,
mathematical and neural approaches for
mining breast cancer patterns. Expert Syst
Appl. 1999; 17(3):223-32.

Toloie Ashlagi A, PourEbrahimi A, Ebrahimi
M, GhasemAhmad L. Using Data Mining
Techniques for Prediction 11. Breast Cancer
Recurrenc. Iran J Breast Dis. 2012; 5(4):23-34.
Persian.

Azimian F, Tadaion-Tabrizi GN, Jalali M.
Breast Cancer Detection Using Data Mining
Techniques. 4th Iran Data Mining Conference
(IDMC), Tehran; 2010: 31-1

Journal of Health and Biomedical Informatics 2014; 1(1): 26-31 Yo


http://www.ncbi.nlm.nih.gov/pubmed?term=Jemal%20A%5BAuthor%5D&cauthor=true&cauthor_uid=21296855
http://www.ncbi.nlm.nih.gov/pubmed?term=Bray%20F%5BAuthor%5D&cauthor=true&cauthor_uid=21296855
http://www.ncbi.nlm.nih.gov/pubmed?term=Center%20MM%5BAuthor%5D&cauthor=true&cauthor_uid=21296855
http://www.ncbi.nlm.nih.gov/pubmed?term=Ferlay%20J%5BAuthor%5D&cauthor=true&cauthor_uid=21296855
http://www.ncbi.nlm.nih.gov/pubmed?term=Ward%20E%5BAuthor%5D&cauthor=true&cauthor_uid=21296855
http://www.ncbi.nlm.nih.gov/pubmed?term=Ward%20E%5BAuthor%5D&cauthor=true&cauthor_uid=21296855
http://www.ncbi.nlm.nih.gov/pubmed?term=Forman%20D%5BAuthor%5D&cauthor=true&cauthor_uid=21296855
http://www.ncbi.nlm.nih.gov/pubmed/21296855
http://www.ncbi.nlm.nih.gov/pubmed/21296855
http://www.ncbi.nlm.nih.gov/pubmed?term=Delen%20D%5BAuthor%5D&cauthor=true&cauthor_uid=15894176
http://www.ncbi.nlm.nih.gov/pubmed?term=Walker%20G%5BAuthor%5D&cauthor=true&cauthor_uid=15894176
http://www.ncbi.nlm.nih.gov/pubmed?term=Kadam%20A%5BAuthor%5D&cauthor=true&cauthor_uid=15894176
http://www.ncbi.nlm.nih.gov/pubmed/15894176
http://www.ncbi.nlm.nih.gov/pubmed?term=Lugo-Reyes%20SO%5BAuthor%5D&cauthor=true&cauthor_uid=24915623
http://www.ncbi.nlm.nih.gov/pubmed?term=Maldonado-Col%C3%ADn%20G%5BAuthor%5D&cauthor=true&cauthor_uid=24915623
http://www.ncbi.nlm.nih.gov/pubmed?term=Murata%20C%5BAuthor%5D&cauthor=true&cauthor_uid=24915623
http://www.ncbi.nlm.nih.gov/pubmed?term=Murata%20C%5BAuthor%5D&cauthor=true&cauthor_uid=24915623
http://www.ncbi.nlm.nih.gov/pubmed/24915623
http://www.ncbi.nlm.nih.gov/pubmed?term=Land%20WH%20Jr%5BAuthor%5D&cauthor=true&cauthor_uid=20054985
http://www.ncbi.nlm.nih.gov/pubmed?term=Verheggen%20EA%5BAuthor%5D&cauthor=true&cauthor_uid=20054985
http://www.ncbi.nlm.nih.gov/pubmed/20054985
http://www.ncbi.nlm.nih.gov/pubmed?term=Lundin%20M%5BAuthor%5D&cauthor=true&cauthor_uid=10575312
http://www.ncbi.nlm.nih.gov/pubmed?term=Lundin%20J%5BAuthor%5D&cauthor=true&cauthor_uid=10575312
http://www.ncbi.nlm.nih.gov/pubmed?term=Burke%20HB%5BAuthor%5D&cauthor=true&cauthor_uid=10575312
http://www.ncbi.nlm.nih.gov/pubmed?term=Toikkanen%20S%5BAuthor%5D&cauthor=true&cauthor_uid=10575312
http://www.ncbi.nlm.nih.gov/pubmed?term=Pylkk%C3%A4nen%20L%5BAuthor%5D&cauthor=true&cauthor_uid=10575312
http://www.ncbi.nlm.nih.gov/pubmed?term=Joensuu%20H%5BAuthor%5D&cauthor=true&cauthor_uid=10575312
http://www.ncbi.nlm.nih.gov/pubmed/10575312
http://jhbmi.ir/article-1-65-en.html

[ Downloaded from jhbmi.ir on 2026-07-09 ]

Oriainal Articl Journal of Health and Biomedical Informatics
riginal Article Medical Informatics Research Center
2014; 1(1): 26-31

A Prognostic Model Based on Data Mining Techniques to Predict Breast Cancer
Recurrence

Behzad Kiani®, Alireza Atashi*?*
* Received: 19 Oct, 2014 * Accepted: 3 Dec, 2014

Introduction: Breast cancer is one of the most common cancers, and also it is the most common
type of malignancy in Iranian women that has been growing in recent years. The risk of recurrence
is usual in patient. Many factors may increase or decrease the recurrence rate. Data mining methods
have been used to diagnose or predict cancer and one of the most application of data mining
approaches is prediction of breast cancer recurrence

Method: This is a retrospective study. Collected data on 809 patients with breast cancer with 18
fields for each patient were used. Due to excessive missing data only about 665 cases have been
used. Since the number of fields in the remaining records with null values have been observed, as a
preprocessing and data preparation phases, these values have been estimated by the EM algorithm
and using SPSS.v20 software. In this study, a model for prognosis of breast cancer recurrence
among patients using J48 tree has been developed.

Results: The specificity and sensitivity of the developed model are 53% and 85%, respectively.
Moreover, only 14% of patients who have relapsed are known as false negative with developed
model.

Conclusion: Creating a predictive model with appropriate specificity and sensitivity can warn
patients about recurrence and timely preventive measures to prevent progression of the cancer. The
False Negative rate is very important in medical prediction models that can make serious
results/consequences. In present study this rate is about 14% that seems reasonable amount in term
of modeling.

Key words: Breast cancer, Data mining, Prognostic model

* Citation: Kiani B, Atashi A. A Prognostic Model Based on Data Mining Technics to Predict Breast Cancer Recurrence. Journal of
Health and Biomedical Informatics 2014; 1(1): 26-31.

1. Ph.D Candidate of Medical Informatics, Research Committee, Department of Medical Informatics, Faculty of Medicine,
Mashhad University of Medical Sciences, Mashhad, Iran.
2. Cancer Informatics Department, Breast Cancer Research Center, ACECR, Tehran, Iran.

*Correspondence: Cancer Informatics Department, Breast Cancer Research Center 146, South Gandhi Ave., Vanak Sq., Tehran,
Iran.
e Tel: 021-88677478 * Email: AtashiA901@mums.ac.ir


mailto:AtashiA901@mums.ac.ir
http://jhbmi.ir/article-1-65-en.html
http://www.tcpdf.org

